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SURROGATE DATA TEST FOR THE LINEAR NON-GAUSSIAN TIME
SERIES WITH NON-MINIMUM PHASE "
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ABSTRACT
Surrogate data testing is a popular method to detect nonlinearity and chaos in time series and has been vastly used in
many applications with erratic time series. The explicit null hypothesis often used is that the time series is generated from
a linear stochastic Gaussian stationary process including a possible invertible nonlinear static observation function. It is
pointed out that the rejection of such a hypothesis may not only result from an underlying nonlinear or even chaotic sys-
tem but also from e.g. alinear stochastic non-Gaussian and non-minimum phase sequence. We investigate the pow-

er of the test against non-minimum phase sequence.

Keywords surrogate data time series analysis nonlinearity non-minimum phase
PACC 0545

" Project supported by the National Natural Science Foundation of China Grant No. 59775025 .



