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Abstract
An intelligent control method based on RBF neural network is proposed for chaos control. The control objective can be ei-
ther periodic orbits or continuous variable functions without the need of an analytic model. The method is still effective when there
are parameter perturbation and measurement noise. The influence of the RBF model error upon control precision is studied and

related theorem is developed and testified. Simulation results with a Logistic mapping and Henon attractor show the effectiveness

and feasibility of this method.
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