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Abstract

Cognitive radio decision engine based on particle swarm optimization is proposed. A population adaptive particle swarm

optimization is also proposed to improve the convergence rate. Particle swarm optimization and population adaptive particle swarm

optimization are used to adapt radio parameters respectively and multi-carrier system is used for the performance analysis.

Results show that cognitive decision engine based on binary particle swarm optimization has better convergence precision and

stability than the classic genetic algorithm and population adaptive particle swarm optimization can further improve the

performance at the initial stage of the search to meet real time requirement of cognitive radio.
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