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PERE, Bldn: BENLARA (RandomForest), #RumthE#E T+ (XGBoost, eXtreme G
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Boosting ), SZEFEEEIVH (SVR,Support Vector Regression) , #E 427 (Grad
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CGCNN 0.0773 0.922 0.0957 0.879 0.0981 0.8704
RandomForest 0.0479 0.9715 0.1309 0.7787 0.1292 0.7845
XGBoost 0.1096 0.847 0.1368 0.7712 0.1352 0.7787
SVR 0.1429 0.7316 0.1464 0.7297 0.1512 0.726
GradientBoosting 0.1431 0.7453 0.1534 0.7222 0.1532 0.7264
DecisionTree 0 1 0.1726 0.6318 0.1786 0.6097
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CGCNN 0.0575 0.9379 0.0724 0.8955 0.079 0.8662
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DecisionTree 0 1 0.1439 0.6878 0.1387 0.6928
XGBoost 0.0838 0.8969 0.1068 0.8263 0.1098 0.8171
SVR 0.1101 0.8089 0.1144 0.8053 0.1188 0.798

GradientBoosting 0.1107 0.8213 0.1189 0.7996 0.122 0.7973
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